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« Single-View NeRF ? Neural Surface Representation (NeuS)?
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https://vita-group.github.io/SinNeRF/

(b) Conversion to PlenOctree

Input images MVSNerf Ours (inference)

/ Fine-tuning

RS,
'J Sahah .
A AN A
el — —
B KGR 2
'J:‘s*s"\ ':

Dense Samples  NeRF-SH ‘ o .
PlenOctree a) NeRF b) Mlp—NeRF COLMAP NeuS Ours (f|ne tunlng)
5

<12
2

g
@ (A




Skewed Gaussian Kernel Z& & (&HX} 7| &

7|E

Skewed Gaussian Kernel© 2 CVPRO]

pytorch

S = | = Novel

=&2| focus& OB/ &=X 28 €8

ty ¥

Dual-Pixel, Single-View, NeRF (NeuS?) Architecture "3 2|

CG input

Defocus
map

Thin lens model

Section 2.1

All-in-focus Depth map

S libraryOf| sig

Butterworth Filter 24! 0j| H|&l| Skewed Normal Distribution A

50| O £2X| E2EQ > Synthetic Datalll X

=77 M2 HES

(=]
=
°©
°

<)

£
LL
7]
o
o
o

: 4\ 2" Butterworth
®-O- 1-d

Left C@O

Section 2.2

128

CHN-Encoder

Video frames (time)

3=3 convolutional

Hyy

H,

“[[f’ 'ifr'sszemlﬁr’ﬂf

CNN-Decoder

RelU .2!2 max-pooling .2*2 up-sampling convolutional . 1=1 convolutional

3 AA7??

DP views

Radlal dlstortlon

Camera artifacts

Noise

Section 2.3

Linear + clamping [0.1] -- Skip connections






